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DEEP LEARNING IN BIG MEDICAL IMAGE DATA
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Medical Image Data: Exponential Growth is also observed Big Medical Image Data: When and Why they are “Big” ?
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Cancer Diagnosis: Detection & measuring of Metastases (Data)

Troining/Validetion dataset:

International
Competitions:
* CA LYOR
* TUPAC-2

SBI challenge on cancer metastasis detection in lymph node
Camelyon 2016

Our solution:
Train Deep Learning Model, and clessify whole slide histology imoge at “Level O°

¢ 21 2

Deeplearning Model
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Cancer Diagnosis: Estimating Proliferation Score (our results) IBM Open Power Challenge: 15t place (together with Altoros Development)

Distributed TensorFlow for cancer detection
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XRay (100 ooo people): Image mining (past research)
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Deep Learning: Lung segmentation using Convolutional Networks
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Results with maximum Dice’s score. Results with minimum Dice’s score.

Mean Dice score is 0.966 with STD =~ 0.04.
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Lung Lesion Detection & Segmentation

Conclusions
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